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Introduction

JdApproach Motivation: energization of behavior by, or direction of behavior

toward, positive stimuli

JAvoidance Motivation: energization of behavior by, or direction of behavior

away from, negative stimuli

dWhat are the most salient events affecting AA Code

JHow do AA salient events relate to multimodal observations

dAnalyze with multimodal dyadic interaction recordings

dPsychologist annotated AA code

dUsing data from 8 subjects, each with 2 to 6 sessions

Features

Audio

Video

Sliding Window N~ ——~
T second

Salient :

dSpeech energy
dBody pose estimation
dMotion vector

JdFunctional of motion
over T sec window

Experiments

dBalanced two class setup (svm Leave-one-subject-out)
» Samples nearest to salient events, and two neighbors are considered salient samples

» Samples farthest to salient events, select equal quantity as non-salient samples

Detection in entire Sessions (SVM Leave-one-session-out per subject)

= 1 (R |
8 ._, SAL Detecto o0 aaEp G e o o G - e
&J O'BF 'o‘ '\‘ :-'
'g 06 PR A ’ | Non_SAL Detect-.- Y ¥y ¥ ¥ 1 ¥ 3
c - = =Precision
& P
So4 — Recall SALCoder| « emees = = e oo
.6 ‘0'
20.2
ol Non_SAL Coder__—_
O . L . S— \
0O 20 40 60 80 100 0 100
Percentile of SVM output t (sec)

SVM threshold tuning for one subject

200

Detection result In one session

Using all cues and functionals

Using T=4 sec, all cues

# Mean,Acc=0.68

Using T=4 sec, all functionals
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Effect of analysis window length, T=4 best

Conclusion

Mean of abs, std, entropy are better

Visual cues similar, outperform audio

d Multimodal detection of salient event, effect of analysis window, feature selection and functional

d Future work includes on-going data collection, extraction of finer behavior details (gaze, facial, etc.), analysis of degree
and direction of AA code change, and how to integrate local saliency to overall judgment




